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Analiza statistica

Folosim adesea modele de retea non-directionala (Markov random
fields)

* Date binare: Ising model (IsingFit R package)

* Date continue: Gaussian graphical model (qgraph; bootnet)

Exemplu al unei retele non-
directionale
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Psychological Methods

Which Estimation Method to Choose in Network Psychometrics? Deriving
Guidelines for Applied Researchers

Adela-Maria Isvoranu' and Sacha Epskamp'
! Department of Psychology, Psychological Methods, University of Amsterdam
2 Centre for Urban Mental Health, University of Amsterdam

Abstract
The Gaussian graphical model (GGM) has recently grown popular in psychological research, with
large body of estimation methods being proposed and discussed across various fields of study, and sev
eral algorithms being identified and recommend as applicable 1o psychological data sefs. Such high
dimensional model estimation, however, is not tivial, and algorithms tend to perform differendy in dif.
ferent settings. In addition, psychological research poses unique challenges, including placing & strong /chological Methods
focus on weak edges (e., bridge edges), handling data measured on ordered scales, and relatvely lim.
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estimation are lacking, especially with regards to skewe - ata—two types of
i commonly occuring i peyclological rescach. Tn this work, we prescnt and discuss te resls * Department of Psychology, University of Amsterdam
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1. network psychometrics, network models, network analysis

The Gasian grabical mode (GGM; Epskamp ot sl 2018 nodesand ke by des it are weightcd by paial corlatcn bt
Lauritzen, 1996)—a network structure of variables represented by coefficients—has recently grown popular in  psychological Statistical network models describing multivariate dependency structures in psychok
rescarch,especiallyin the fieldsof clinical psychology and psychi popularty. Such comparably novel stisical techniques requie specific gideline to make
atry (Robinaugh et al., 2020). While confiratary fit of a given

GGM is possible (Epskamp, Rhemtulla et al, 2017; Kan et al

2019),in most cases a prior theoretical network structure is absent.

- Maria Isvoranu.  hitps:/orcidorg/0000-0001-7981-9198 Many rescarchers therefore focus on exploratory estimation of a5 Bt i oo i ek i A bl g e

tices. Here, we introduce reporting standards for network analyses in cross-sectional data, along with a tuto-
rial and two examples. The presented guidelines are simed at researchers as well as the broader scientfic
community, such as reviewers and joumal editors evaluating scientific work. We conclude by discussing
how the nefwork literature specifically can benefit from such guidelines for reporting and transparency.
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researchers being confronied with too much choice in reporting their results, which in tum might provide
fertle ground for questionable reporting practices. Here, we introduce reporting standards for nefwork anal
yses in cross-sectional data, along with a tutorial and two examples. The presented guidelines are aimed at
researchers as well as the broader scientific community, such as reviewers and journal editors evaluating
scientific work. We conclude by discussing how the network literature specifically can benefit from such
guidelines for reporting and ransparency

helpful advice throughout the set-up of the project, as well as useful Translational Abstract

feedback on this article.
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cal contributions applying network analytic methods across many  tions in various fields of psychology (Robinaugh et al., 2019) and
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Obiective: Identificarea simptomelor care pot fi declansate
de expunerea la traume timpurii si traiectoriile
dintre trauma si simptomatologie

A Network Approach to Psychosis: Pathways Between Childhood Trauma and
Psychotic Symptoms

Adela-Maria Isvoranu*', Claudia D, van Borkulo'?, Lindy-Lou Boyette™, Johanna T. W, Wigman?,
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‘Department of Psychiatry, Academic Medical Center, Amsterdam, The Netherlands; ‘Department of Psychiatry, Brain Center Rudolf
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* Trauma n copilarie: neglijare fizica, neglijare

Childhood trauma (CT) has been identified as a potential ~ Key words: early trauma/psychotic disorders/affective

emotionald, abuz sexual, abuz emotional, abuz
fizic

* Positive and Negative Syndrome Scale

Analiza statistica: Retea non-directioanla (Markov random

fields, Gaussian Graphical Model)

Conexiunile reprezinta corelatii partiale
regularizate

Nodurile = variabile
Conexiuni albastru = pozitive, Conexiuni

rosii = negative, Margini late = mai
puternice

risk factor for the onset of psychotic disorders. However,
to date, there is limited consensus with respect to which
symptoms may ensue after exposure to trauma in early
life, and whether specific pathways may account for these
associations. The aim of the present study was to use
the novel network approach to investigate how different
types of traumatic childhood experiences relate to specific
symptoms of psychotic disorders and to identify pathways
that may be involved in the relationship between CT and
psychosis. We used data of patients diagnosed with a
psychotic disorder (» = 552) from the longitudinal obser-
vational study Genetic Risk and Outcome of Psychosis
Project and included the 5 scales of the Childhood
Trauma Questionnaire-Short Form and all original symp-
tom dimensions of the Positive and Negative Syndrome
Scale. Our results show that all 5 types of CT and posi-
tive and negative symptoms of psychosis are connected
through symptoms of general psychopathology. These
findings are in line with the theory of an affective path-
way to psychosis after exposure to CT, with anxiety as a
main connective component, but they also point to several
additional connective paths between trauma and psycho-
sis: eg, through poor impulse control (connecting abuse to
grandiosity, excitement, and hostility) and motor retarda-
tion (connecting neglect to most negative symptoms). The
results of the current study suggest that multiple paths
may exist between trauma and psychosis and may also be
useful in mapping potential transdiagnostic processes.

pathway to psychosis/schizophrenia/network analysis

Introduction

Childhood trauma (CT) has been extensively investi-
gated as a potential risk factor for the onset and course
of psychosis, and found to relate to some of the most
severe forms of symptomatology in adulthood, includ-
ing hallucinations, delusions, and paranoia (here used
with the meaning “suspiciousness”).'* However, in spite
of intense research into the topic, the nature of the rela-
tionship between CT and psychosis is yet to be fully
understood.

Current psychometric practices in psychopathology
research conceptualize psychotic disorders—and mental
disorders in general—as common causes of symptoms.®
In other words, symptoms are taken to be indicators of
an underlying disease entity and correlations between
symptoms can be fully explained by the common influ-
ence of the latent variable. Despite decades of research,
however, finding such underlying causes for symptoms
has been very rare®; instead, the causes appear to be
multifactorial, thus, challenging the likelihood of a
common cause explanation for associations between
symptoms.”'® As a result, in recent years, the common
cause approach to mental disorders has been called
into question and the dynamical systems conceptualiza-
tion of psychopathology gained ground, leading to the

© The Author 2016. Published by Oxford University Press on behalf of the M: mlmd Psychiatric Research Center.
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Childhood Trauma

Positive Symptoms

General Psychopahtology

GP1: Somatic concern

GP2: Anxiety

P1: Delusions

GP3: Guilt

GP4: Tension

P2: C ptual disc izati

P3: Hallucinations

GP5: Mannerism and posturing

P4: Excitement

GP6: Depressi

P5: Grandiosity

P6: Paranoia/ suspiciousness

GP7: Motor retardation

GP8: Uncooperativeness

P7: Hostility

GP9: Um

Negative Symptoms

GP10: Disorientation

GP11: Poor attention

N1: Blunted affect

GP12: Poor judgement and insight

N2: Emotional withdrawal

N3: Poor rapport

GP13: Disturbed willpower

GP14: Poor impulse control

N4: Social withdrawal

GP15: Pr

NS5: Difficulty in abstract thinking

GP16: Active social avoidance

N6: Lack of spontaneity

N7: Stereotyped thinking
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NVIRONMENT AND SCHIZOPHRENIA

A Network Approach to Environmental Impact in Psychotic Disorder: Brief
Theoretical Framework

Adela-Maria Isvoranu*!, Denny Borsboom', Jim van Os*?, and Sinan Guloksuz*

(b) No Environmental Exposure (C) Environmental Exposure Cannabis Department of Psychology, Psychological Methods, University of d “Department of

Psychiatry and Psychology, School of Mental Health and Neuroscience, Maastricht University Medical Conter, Magstricht, The
Netherlands; *King’s College London, King’s Health Partners, Department of Psychosis Studies, Institute of Psychiatry, London, UK;
“Department of Psychiatry, Yale University School of Medicine, New Haven, CT

*To whom correspondence should be addressed; Department of Psychology, Psychological Methods, University of Amsterdam, Nieuwe
Achtergracht 129-B, 1018 WT Amsterdam, The Netherlands; tel: 31-(0)20-525-6870, fax: 31-(0)20-639-0026, e-mail: isvoranu.adela@gmail.com

The spectrum of psy ic disorder a multif: expression is associated with developmental trauma,
torial and heterogeneous condition and is thought to result  cannabis use, growing up in an urban environment, and
from a complex interplay between genetic and environmen-  minority group position.* These findings have resulted in
tal factors. In the current paper, we analyze this interplay  extensive research—using a broad range of methodologi-
using network analysis, which has been recently proposed  cal approaches—concerned with mapping and under-
as a novel psychometric framework for the study of men-  standing the relations between environmental factors and
tal disorders. Using general population data, we construct  schizophrenia.
network models for the relation between 3 environmental In the current note, we propose and describe a novel
risk factors (cannabis use, de\elopmental trauma, and  psychometric framework for the study of disorders in
urban i ), of psycho- the psychosis spectrum and show how it can be used to
(anxiety, fon, interpersonal sensitivity, ~augment these research efforts. The framework is based
obsessive-compulsive disorder, phobic anxiety, somatiza-  on the general idea that mental disorders arise from the
tions, and hostility), and a composite measure of psychosis  interaction between affective, cognitive, and behavioral
expression. Results indicate the existence of specific paths ~ components that make up its psychopathology and is
between envi factors and sy These paths  known as the network approach.*
most often involve cannabis use. In addition, the analyses
suggest that symptom networks are more strongly con-
nected for people exposed to environmental risk factors,
implying that environmental exposure may lead to less
resilient symptom networks. Standard approaches to psychosis spectrum diagno-
ses such as schizophrenia conceptualize the construct
Key words: psychosis/environmental exposure/risk as a latent condition that acts as a common cause of its
factors/network analysis symptoms.® In the psychometric representation of this
conceptualization, the diagnosis of schizophrenia is rep-
resented as a latent variable (or set of latent variables),
and its symptoms—such as hallucinations and delu-
Disorders in the psychosis spectrum represent one of the sions—are modeled as effects of this latent variable. As a
leading causes of long-term disability worldwide.! In spite  result, symptoms of the disorder are interpreted as pas-
of extensive efforts, their etiology remains poorly under-  sive psychometric indicators, and interactions between
stood, hampering progress in treatment and prognosis.” symptoms do not form a central research interest. In
‘While collaborative efforts have confirmed the impact  accordance, this framework typically assumes that envi-
of genetic factors, an important role in the onset and pro-  ronmental factors affect symptoms via the latent disorder
gression of psycho(lc disorders is thought to be attrib-  (ie, the disorder mediates the relation between environ-
utable to several 1 risk factors. ificall ment and symptoms). However, recent studies show this
meta-analytical reviews have shown that psychosis  assumption to be problematic, as individual symptoms

Psychotic Disorder—Standard Approaches and
A Network Alternative

Introduction
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Totul este implementat in software open-source: R, JASP

R A Fresh Way to Do Statistics
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Totul este implementat in software open-source: R, JASP
Comunitate care incurajeaza stiinta deschisa:

* Foarte multe pre-printuri

* Foarte multe studii cu date deschise

* Foarte multe studii cu codul R atasat

PSYCHOSYSTEMS Research Groups  People  Publications  Eventsv  Software

Publications

Most papers are open access, or an earlier edition should be available at PsyArXiv or

arXiv. If you can’t find an article, contact us.
Available data & R-scripts are linked inside square brackets.
A list of our publications can also be found on Google Scholar.

* indicates a preprint
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Totul este implementat in software open-source: R, JASP

Comunitate care incurajeaza stiinta deschisa:
* Foarte multe pre-printuri
* Foarte multe studii cu date deschise
* Foarte multe studii cu codul R atasat

Materiale didactice cu acces deschis

um Vit hing  Tutorials

On this page you can find unpublished tutorials I have written. These tutorials are mostly
quickly written with the purpose to have some reference material, rather than with the
purpose to tell a complete and fully fleshed out story.

» New features in bootnet 1.1

+ New features in qgraph 1.5
Network analysis cookbook (outdated!)
4

Network model selection in ggraph

In addition, check out my published tutorials:

+ Epskamp, S. & Fried, Eiko I. (2018). A Tutorial on Regularized Partial Correlation
Networks. Psychological Methods (link; pre-print archive link; supplementary

" E S., I D. & Fried, E.I. Estis ing Psychological Networks and
their Accuracy: A Tutorial Paper. (2017). Behavior Research
Methods. doi:10.3758/513428-017-0862-1 (link; pre-print archive link; supplementary,
materials)

|JASP

Bl SYCH NETWORKS

Network models and dynamical systems in psychological research

A Fresh Way to Do Statistic:

CAALS

EIKO & TEAM v PUBLICATIONS

Lecture series

= Research master course on Confirmatory Factor Analysis (2021),

= Research master course on Structural Equation Modeling (2021),

= Research master course on Confirmatory Factor Analysis (2020)

= Research master course on Structural Equation Mode

= Network Analysis (Note: these lectures are part of a larger course on network analysis)
= Introduction to R (2018)
= Undirected network models (2020)
= Model selection (2020),
= Network Psychometrics (2020)

Publications

Guest lectures

Most papers are open access, o sn earier edifion should be avaiable ot PsyArkiv or
arXiv. 1 you can't find an arice, contact us
= Network Psychometrics: An introduction Avalable data & R-scripts are linked inside square brackefs.

Alist of our publications can also be found on

* indicates a preprint

Talks and other videos

analysis
= Introducing psychonetrics, an R package for structural equation modelling and

network ps;
= Recording videos
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TUTORIALS

R-PACKAGES

EXTERNAL RESOURCES '

ng S‘gna‘g for RECENT POSTS

WARI

Adela Isvoranu

PUBLICATIONS - PHDTHESIS - CV . PRESENTATIONS - WORKSHOPS

Presentations Contact Details

Adela Isvoranu (CV)

Workshops Department of Psychology,

National University of Singapore
 Psychological Networks Amsterdam Summer & Winter Schools 2017 - present. Amsterdam. Organized by-

adela@nus.edusg
isvoranu.adela@gmail.com

yearly
© Organized together with Sacha Epskamp
. i chool (PNASS) 2020 - The Online ResearchGate
Edition can be found here! Google Scholar
N Publons
Linked [

ere! W Follow @Adelalsvoranu

(PNAWS) 2019 can be found

hool (PNAWS) 2020 can be found

here!

materials for i (PNASS) 2017 can be found

here!

Network Modeling for DataWorkshop. Taipei. November 2019
* Organized together with Sacha Epskamp
© Allmaterials for the workshop can be found here!
Network Modeling for Psychological (and Attitudinal) Data. Oldenburg. January 2018
* Organized together with Pia Tio
© Allmaterials for the workshop can be found here! OSFHOME v
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